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Preface

We are living through a fundamental shift. Artificial Intelligence is not a distant future
technology—it is here, reshaping every boardroom, every team meeting, and every

strategic decision. Yet most management education has not caught up.

This textbook was written to bridge that gap. It is designed for students of management,
working professionals, and organizational leaders who need to understand not just what

Al is, but how it changes the very nature of managing people, processes, and strategy.

The chapters ahead are organized into six parts, each building on the previous. You will
move from understanding Al's foundations, through its impact on your role as a manager,
across the functional areas of business, into strategy and leadership, and finally into the

ethical and future-looking questions that define our era.

Throughout, you will encounter real-world examples, reflection questions, and practical
frameworks. Al is a tool—but reimagining management means understanding how human
judgment, creativity, and leadership become more important, not less, as Al grows more

capable.

How to Use This Book
* Read each chapter in sequence, or jump to the section most relevant to your
current challenge.

+ Use the Learning Objectives at the start of each chapter to guide your focus.

* Engage with the Discussion Questions at the end of each chapter — individually
or with a group.

* Apply the frameworks to real organizations you know or work with.
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PART |

Foundations — Understanding the Al Revolution
Before managers can reimagine how they lead, they must first understand what they are
working with. Part | lays the intellectual groundwork: what Al is, where it came from, how
it works at a conceptual level, and why the current moment is genuinely different from

previous technology waves.
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CHAPTER1

The Al Inflection Point

What changed, when it changed, and why every manager needs to understand it now

Learning Objectives
By the end of this chapter, you will be able to:

1. Explain why the current wave of Al represents an inflection point rather than

incremental progress.
2. ldentify the three converging forces that made modern Al possible.
3. Articulate how Al differs from previous automation technologies.

4. Describe the managerial implications of Al's exponential capability growth.

1.1 We Have Been Here Before — But Not Like This

Every generation of managers has faced a transformative technology. The steam engine,
electricity, the internet — each reshaped industries, eliminated jobs, created new ones,
and demanded that leaders adapt. So when people say that artificial intelligence is

different, it is fair to ask: different in what way?

The answer lies in scope and speed. Previous technologies automated physical tasks —
moving, assembling, transporting. They extended the reach of human muscle. The
internet automated the transmission of information. Al is the first technology that directly
augments, and in some cases replaces, cognitive work: reasoning, writing, recognizing

patterns, making predictions, and even generating creative output.

This is not a small distinction. Cognitive work is what managers do. It is what lawyers,

doctors, analysts, designers, and strategists do. The implications are profound.
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1.2 The Three Converging Forces
Modern Al did not emerge from a single breakthrough. It emerged from three forces

converging at the same time:

The Three Pillars of Modern Al

1. COMPUTATIONAL POWER — The rise of GPUs and cloud computing made it possible
to train models

on billions of parameters, something that was computationally impossible a decade ago.

2. DATA ABUNDANCE — The digitization of human activity generated vast datasets that Al

systems could learn from: text, images, transactions, behavior patterns, and more.

3. ALGORITHMIC INNOVATION — New architectures, particularly the Transformer model
(2017),

enabled Al to process language and context with unprecedented accuracy.

The critical point for managers is this: these three forces did not peak and plateau. They
continue to grow. Compute gets cheaper every year. Data continues to multiply.
Researchers continue to publish new algorithmic improvements. This means the Al you

see today is the least capable Al you will ever work with.

1.3 From Narrow to General Capability
Early Al systems were narrow — they did one thing well. IBM's Deep Blue played chess.
Google's image recognition identified cats. Spam filters filtered spam. These were

impressive but bounded.

The systems emerging in the 2020s are qualitatively different. Large language models
can write code, analyze financial statements, draft legal briefs, explain scientific concepts,
translate languages, and converse naturally — all within a single system. This breadth of

capability is unprecedented in the history of computing.
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For managers, this shift from narrow to broad capability changes the calculus. It is no
longer sufficient to ask 'can Al do this specific task?' The better question is: 'In what ways

is Al beginning to participate in the cognitive workflows that define our business?"

1.4 Why This Moment Is Different

Previous Technology Waves The Al Inflection Point

Automated physical labor Augments and automates cognitive labor
Benefits were visible and gradual Benefits are rapid and compounding
Required specialized hardware deployment Accessible via APl in minutes

Affected specific industries or functions Crosses every industry and function
Workers could reskill to adjacent roles Adjacent roles are also being transformed

Chapter 1 — Discussion Questions

5. Think of a cognitive task you perform regularly as a manager or student. In what
ways might Al augment or replace that task in the next five years?

6. Why do you think many organizations have been slow to respond to Al despite its
rapid capability growth? What organizational or human factors create this lag?

7. The chapter argues that 'the Al you see today is the least capable Al you will ever
work with." What are the managerial implications of this claim?




Reimagining Management in the Era of Atrtificial Intelligence © 2025

CHAPTER 2

A Brief History of Al in Business

From rule-based automation to intelligent systems — tracing the journey

Learning Objectives
8. Trace the major phases of Al development from the 1950s to the present.
9. Understand why earlier Al 'winters' occurred and what ended them.
10. Distinguish between Al hype cycles and genuine capability thresholds.

11. Identify how Al has already shaped business before the current era.

2.1 The First Wave: Rules and Logic (1950s—-1980s)

The idea of machine intelligence is older than the computer itself. Alan Turing's 1950
paper 'Computing Machinery and Intelligence' posed the foundational question: can
machines think? In the decades that followed, researchers attempted to encode human

intelligence as explicit rules.

These expert systems — as they came to be called — had genuine business applications.
Banks used rule-based systems for credit scoring. Manufacturers used them for process
optimization. But they shared a critical limitation: they could only do what programmers
explicitly told them to do. They could not learn. When the world changed, the rules had to

be rewritten by hand.

By the late 1980s, the gap between Al's promise and its performance led to what
researchers called an 'Al Winter' — a period of reduced funding, declining interest, and

public skepticism.

2.2 The Second Wave: Statistical Learning (1990s—-2010s)

The second wave shifted the paradigm. Instead of encoding rules explicitly, researchers
trained models on data — allowing the system to discover its own patterns. Machine
learning, as this approach was called, proved dramatically more powerful for certain

tasks.
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Businesses began applying it in targeted ways: recommendation engines at Amazon and
Netflix, fraud detection at Visa, search ranking at Google. These applications were
enormously valuable, but remained narrow. They required large amounts of labeled data,

significant engineering effort, and domain-specific tuning.

2.3 The Third Wave: Deep Learning and Foundation Models
(2010s—Present)

The current era was inaugurated by a 2012 breakthrough in image recognition, when a
deep neural network called AlexNet dramatically outperformed all other approaches in a
major academic competition. The team, trained on GPUs, demonstrated that very deep

neural networks trained on large datasets could achieve superhuman performance.

What followed was a cascade: speech recognition improved dramatically, self-driving car
research accelerated, and in 2017 the Transformer architecture introduced a new
approach to language that would culminate in the large language models that now power

Al assistants, coding tools, and business applications used by millions.

1997 — IBM Deep Blue defeats chess world champion Garry Kasparov

2006 — Netflix Prize launches era of recommendation algorithm competition

2011 — IBM Watson wins Jeopardy; deployed in healthcare and finance

2012 — AlexNet breakthrough launches modern deep learning era

2016 — AlphaGo defeats world Go champion; reinforcement learning matures
2017 — Transformer architecture published; foundation of modern LLMs

2022 — ChatGPT reaches 100 million users in 2 months; enterprise Al accelerates

2023-25 — Al agents, multimodal models, and autonomous systems deployed at scale

10
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2.4 Lessons from History for Today's Manager

History offers a useful corrective to both excessive hype and excessive skepticism. Al
has been genuinely transformative in narrow domains for decades. The difference today
is breadth — the capability to operate across domains — and accessibility — the ability

for any organization to deploy Al through simple APIls without building it from scratch.

The managers who navigate this transition best will be those who neither dismiss Al as
'just another tech trend' nor treat every Al announcement as if it will transform their
business overnight. The historical pattern suggests: real, compounding progress

beneath the noise.

Chapter 2 — Discussion Questions
12. Why did the rule-based Al of the 1980s fail to deliver on its promise? What does
this tell us about the limitations of trying to codify human knowledge explicitly?

13. Netflix and Amazon used recommendation algorithms for over a decade before 'Al'
became a mainstream business term. What does this suggest about how we
identify and label technological progress?

14. How might a manager use the history of Al hype cycles to counsel their
organization when evaluating new Al tools?

1"
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CHAPTER 3

How Al Actually Works

A manager's non-technical guide to understanding Al systems

Learning Objectives

15. Explain machine learning, neural networks, and large language models in
accessible terms.

16. Understand training data, model outputs, and the concept of inference.
17. Identify the key limitations of current Al systems that managers must account for.

18. Distinguish between Al capabilities and Al reliability.

3.1 The Core Idea: Learning from Examples

Most modern Al systems operate on a simple but powerful principle: show the system
millions of examples, and let it discover patterns. A spam filter learns what spam looks
like from thousands of labeled spam emails. An image classifier learns what cats look like
from millions of labeled cat photos. A language model learns the structure and content of

human writing from hundreds of billions of words of text.

This is fundamentally different from traditional software, where a programmer writes
explicit instructions. Al systems write their own instructions, in a sense — the patterns
they discover are encoded in billions of numerical parameters that together constitute the

model.

3.2 Neural Networks Explained

The building block of modern Al is the artificial neural network — loosely inspired by the
brain's structure of interconnected neurons. A neural network consists of layers of nodes.
Information passes through the input layer, is transformed by one or more hidden layers,

and emerges from the output layer as a prediction or classification.

What makes deep learning powerful is the depth of these networks — dozens or hundreds

of layers, each learning increasingly abstract representations of the input. Early layers in

12
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an image recognition network might detect edges. Middle layers detect shapes. Later
layers detect faces, objects, or scenes. No one programmed this hierarchy — it emerged

from training.

3.3 Large Language Models: A Special Case

Large language models (LLMs) like those powering modern Al assistants are neural
networks trained on text. Their training task, at its core, is deceptively simple: given a
sequence of words, predict the next word. Do this billions of times on a vast corpus of
human-written text, and something remarkable emerges: a model that appears to

understand language, reason across domains, write coherently, and answer questions.

What LLMs Can and Cannot Do

CAN DO:

* Generate fluent, contextually relevant text across virtually any domain

* Summarize, translate, rewrite, and analyze written content

» Write and explain code in dozens of programming languages

» Reason through multi-step problems when given clear context

» Answer questions based on their training data

CANNOT DO (reliably):

* Access real-time information without specific tools

 Guarantee factual accuracy — they can confidently produce errors (‘hallucinations')

* Perform precise arithmetic without tools
 Understand their own limitations without careful prompting

13
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3.4 Critical Limitations Every Manager Must Know
Understanding Al's limitations is as important as understanding its capabilities. Four

limitations deserve particular managerial attention:
Hallucination:

LLMs can generate confident, fluent text that is factually wrong. They are pattern-
completion engines, not truth-verification systems. Every Al-generated output that will

inform a decision should be verified by a human with domain knowledge.
Bias:

Al systems learn from human-generated data, which reflects human biases. A hiring Al
trained on historical data may systematically disadvantage certain groups. Managers

deploying Al must audit outputs for bias, particularly in high-stakes decisions.
Context Limits:

Al models process information within a context window — a maximum amount of text they
can 'see' at once. Very long documents, complex multi-step projects, or tasks requiring

memory across many conversations may exceed this limit.
Opacity:

Most Al systems cannot explain why they produced a specific output. This 'black box'
problem is a genuine challenge for any use case requiring audit trails, regulatory

compliance, or human interpretability.

Chapter 3 — Discussion Questions

19. If an Al system learns from historical data, what are the implications for using it in
a domain where the future may look very different from the past — such as a
rapidly changing market?

20. A colleague says: 'Al hallucinations are a minor problem — humans make
mistakes too.' How would you respond?

21. What types of business decisions would you feel comfortable delegating to an Al
system with minimal human oversight? What types would you not? What criteria
guide your distinction?

14
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CHAPTER 4
Types of Al and Business Relevance

A taxonomy of Al technologies and how each applies in organizational contexts

Learning Objectives
22. Distinguish between supervised, unsupervised, and reinforcement learning.
23. Understand generative Al and its specific business applications.
24. Explain the concept of Al agents and autonomous systems.

25. Match Al types to appropriate business use cases.

4.1 A Taxonomy of Al for Managers
The term 'Al' covers a remarkably diverse set of technologies. Treating them as a single
category leads to poor strategic decisions. A manager who understands the differences

can match the right tool to the right problem.

Al Type Primary Business Applications

Supervised Learning Fraud detection, customer churn prediction,
credit scoring

Unsupervised Learning Customer segmentation, anomaly detection,
pattern discovery

Reinforcement Learning Supply chain optimization, dynamic pricing,
robotics

Computer Vision Quality control, facial recognition, document
processing

Natural Language Processing Sentiment analysis, chatbots, document
search

Generative Al (LLMs) Content creation, code generation, analysis,
summarization

Al Agents Autonomous task execution, workflow

automation, research

15
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4.2 Generative Al: A Category Shift

Previous Al categories were primarily analytical — they classified, predicted, detected, or
optimized. Generative Al creates new content: text, images, code, audio, video, and

synthetic data. This is a qualitative shift in what Al can contribute to business.

For managers, generative Al is most immediately relevant as a productivity tool. Writing,
coding, analysis, research, and communication are all domains where generative Al
demonstrably accelerates human work. The organizations that build systematic

workflows around these capabilities will accumulate significant productivity advantages.

4.3 Al Agents: The Next Frontier

The most significant emerging category is Al agents — systems that can plan multi-step
tasks, use tools (searching the web, writing code, calling APIs), and act autonomously to

achieve a goal. Where a chatbot answers questions, an agent completes tasks.

Early Al agents are being deployed in software development (writing and testing entire
codebases), research (collecting and synthesizing information from multiple sources),
customer service (resolving issues end-to-end without human handoff), and operations

(executing and monitoring complex workflows).

For managers, the arrival of Al agents raises new questions about oversight,
accountability, and the appropriate boundaries of autonomous action. These questions

are addressed in depth in Part V.

4.4 Choosing the Right Al for the Right Problem

A common mistake is reaching for the newest or most talked-about Al type when a simpler
approach would suffice. Generative Al is powerful but expensive and sometimes
unpredictable. A well-tuned supervised learning model may be more reliable for a

classification problem where you have good labeled data.

The manager's framework: start with the business problem, identify what type of output
is needed (prediction, classification, generation, decision, action), and work backward to

the Al type best suited to that output. Technology should follow strategy, not lead it.

16
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Chapter 4 — Discussion Questions

26. Choose an industry you are familiar with. For each Al type in the taxonomy, identify
one potential application. Which type do you believe offers the highest near-term
value for that industry?

27.What concerns do you have about deploying Al agents — systems that can act
autonomously — in a business context? What safeguards would you putin place?

28. A startup claims to have built a 'general-purpose Al solution' for business. Based
on what you have learned about Al types, what questions would you ask to
evaluate this claim?

17
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PART I

Reimagining the Manager's Role
If Part | established what Al is, Part Il addresses its most personal implication: what it
means for you as a manager. The arrival of Al does not make management obsolete —
it makes certain kinds of management obsolete and elevates others. Part Il explores how

the manager's role is shifting from coordinator and overseer to strategist and coach.

18
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CHAPTER 5
From Supervisor to Strategist

How the core functions of management are being redistributed between humans and
machines

Learning Objectives
29. Understand which traditional management functions Al is beginning to absorb.

30. Articulate what uniquely human management capabilities remain and grow in
importance.

31. Describe the shift from operational management to strategic leadership.

32. Develop a personal perspective on how your own role should evolve.

5.1 What Managers Actually Do

Henri Fayol's 1916 framework described management as planning, organizing,
commanding, coordinating, and controlling. For over a century, these five functions have

defined the manager's job. Al is beginning to perform each of them — to varying degrees.

Traditional Management Function Al's Growing Role

Planning — forecasting, goal-setting, Al models forecast demand, project

resource allocation timelines, and resource needs with
increasing accuracy

Organizing — structuring teams and Al tools analyze workflow data and suggest

workflows optimal team structures and task

assignments

Coordinating — synchronizing across teams Al agents can monitor dependencies, flag
delays, and manage routine cross-team
communication

Controlling — monitoring performance Real-time dashboards and Al anomaly
against goals detection identify performance issues faster
than manual review

Commanding — directing individual effort Routine task assignment and performance
feedback can be partially automated

19



Reimagining Management in the Era of Atrtificial Intelligence © 2025

This table should not alarm managers — it should liberate them. Every function that Al
can absorb frees human managers to focus on the uniquely human work that Al cannot
do.

5.2 What Al Cannot Replace: The Human Premium
Certain management activities are not merely difficult for Al — they require human
presence in a way that is fundamental to their value. These constitute a growing 'human

premium' in management:

* Motivating and inspiring people through genuine human connection
+ Building trust relationships within and across organizations

* Making ethical judgments in complex, ambiguous situations

* Navigating organizational politics and stakeholder relationships

* Providing mentorship and developing other people's potential

« Taking accountability and demonstrating moral courage

* Reading emotional context, group dynamics, and unspoken concerns

The manager of the Al era is not less important — they are differently important. Their
value shifts from information processing and coordination (which Al can increasingly

handle) toward judgment, relationship, and purpose (which Al cannot).

5.3 The Strategic Manager

The most significant shift is from operational manager to strategic leader. When Al
handles scheduling, reporting, monitoring, and routine communication, the manager's
time is freed for higher-leverage work: defining direction, building culture, identifying new

opportunities, and making judgment calls where context and values matter.

This is simultaneously exciting and challenging. Many managers have built their careers
on operational competence — being the person who knows the most about the day-to-
day work. In an Al-augmented organization, that operational knowledge must be
complemented by strategic thinking, systems perspective, and the ability to work

effectively alongside Al tools.

20
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Chapter 5 — Discussion Questions

33. Which of Fayol's five management functions do you spend most of your time on?
How might Al change the time allocation? Would you welcome that change?

34. Identify a manager you admire. Which of their capabilities would you describe as
part of the 'human premium'? How might Al affect their role?

35. Some argue that as Al absorbs routine management tasks, organizations will need
fewer middle managers. Do you agree? What evidence would you look for?

21
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CHAPTER 6

Decision-Making with Al

How Al augments managerial judgment without replacing it

Learning Objectives
36. Understand the different roles Al can play in a decision process.
37. Identify cognitive biases that Al can help managers overcome.
38. Recognize the types of decisions that should retain strong human oversight.

39. Apply a framework for responsible Al-augmented decision-making.

6.1 The Decision Landscape
Not all decisions are equal. Researchers distinguish between programmed decisions —
routine, rule-based, with known parameters — and non-programmed decisions — novel,

complex, high-stakes, with significant ambiguity. Al's role in each type is different.

For programmed decisions, Al can often decide autonomously or near-autonomously:
routing customer service tickets, approving routine transactions, adjusting prices within
set parameters. The value is speed and consistency. For non-programmed decisions, Al
is a powerful input — providing analysis, surfacing options, modeling scenarios — but

human judgment remains essential.

6.2 How Al Improves Human Decision-Making

One of Al's most valuable contributions is as a corrective to human cognitive bias.
Decades of behavioral economics research have documented that human decision-
makers are systematically irrational in predictable ways. Al, trained on data rather than

evolved heuristics, can provide a useful counterweight.

22
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CONFIRMATION BIAS — Al can surface data that contradicts our preferred conclusion.

AVAILABILITY HEURISTIC — Al analyzes full datasets, not just memorable recent
examples.

ANCHORING — Al generates estimates independently of our initial reference points.
OVERCONFIDENCE — Al confidence intervals quantify uncertainty explicitly.

STATUS QUO BIAS — Al scenario modeling can make alternatives more vivid and
comparable.

6.3 Decision Types and Appropriate Al Involvement

A useful framework is to classify decisions on two dimensions: the stakes involved and
the degree to which the relevant information can be quantified. High-stakes, highly
quantifiable decisions (credit risk assessment, inventory optimization) are strong
candidates for Al-led decision-making with human oversight. Low-stakes, high-ambiguity
decisions (team social events, office culture initiatives) need little Al involvement. High-
stakes, high-ambiguity decisions (strategic pivots, crisis response, personnel decisions
involving nuanced human factors) should involve substantial human judgment regardless

of what Al models suggest.

6.4 The Accountability Principle

A critical principle for Al-augmented decision-making: Al can inform, recommend, and
analyze, but accountability must remain with a human. This is not merely ethical — it is
practical. When a decision proves wrong, someone must be able to explain why it was

made, take responsibility for the error, and correct course.

The manager who says 'the Al decided' is abdicating their role. The manager who says
'the Al analysis suggested X, | weighed it against Y and Z, and | decided' is using Al as it

should be used — as a powerful input to human judgment.

23
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Chapter 6 — Discussion Questions

40. Think of an important decision you have made recently. At which stages of that
decision process could Al have contributed meaningfully? Where would you have
kept human judgment primary?

41. What is the risk of over-relying on Al analysis in decision-making, even when the
Al is accurate? What might be lost?

42.Draft a short 'decision-making policy' for a team you lead or imagine leading —
specifying when Al recommendations can be acted upon directly and when human
review is required.

24
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CHAPTER7
Leading Human-Al Teams

The dynamics of managing teams where human and Al collaborators work side by side

Learning Objectives

43. Understand the psychological and organizational dynamics of human-Al
collaboration.

44. Develop strategies for building trust between team members and Al tools.
45. Identify and address resistance to Al adoption within teams.

46. Redesign team workflows to leverage both human and Al strengths.

7.1 A New Kind of Team

For most of human history, teams were composed entirely of people. Today, many teams
include Al tools that perform substantive cognitive work — drafting, analyzing, coding,
researching, translating, and in some cases making decisions. This is genuinely new, and

it changes team dynamics in ways that managers must understand.

The most important dynamic is trust calibration. People tend to either over-trust Al
(treating its outputs as more authoritative than they deserve) or under-trust it (dismissing
useful Al analysis due to skepticism or unfamiliarity). Neither extreme is productive. The
manager's job is to help team members develop accurate models of what Al tools can

and cannot do.

7.2 Building Psychological Safety Around Al

Many team members feel anxious about Al — worried about job security, concerned
about being replaced, uncertain whether to admit they use Al tools or use them less than
colleagues. This anxiety, if unaddressed, drives Al use underground and prevents teams

from learning together.

25
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Managers can address this by explicitly naming the anxiety, modeling their own use of Al
tools transparently, celebrating team members who find effective Al applications, and

consistently communicating that the goal is human-Al collaboration, not Al replacement.

7.3 Workflow Redesign for Human-Al Teams

The most effective human-Al teams do not simply add Al to existing workflows — they
redesign workflows to reflect the distinct strengths of each. Humans bring judgment,
context, relationships, creativity, and moral reasoning. Al brings speed, breadth, pattern

recognition, and tireless availability.

Principles for Human-Al Workflow Design

1. ASSIGN BY STRENGTH — route tasks to Al where speed and breadth matter;
route to humans where judgment, relationship, and ethics matter.

2. BUILD IN REVIEW — human review of Al outputs should be systematic, not ad hoc.

3. CAPTURE LEARNING — document what works and what doesn't; teams that learn
from Al interactions improve faster than those who treat each use as isolated.

4. PRESERVE SKILL — ensure team members don't lose critical skills by
over-delegating to Al. Deliberate practice of human skills remains important.

5. SET CLEAR ACCOUNTABILITY — every output that reaches a decision-maker or

external stakeholder should have a named human responsible for it.

Chapter 7 — Discussion Questions

47. Have you observed over-trust or under-trust of Al tools in a team context? What
were the consequences? What would have helped calibrate trust more accurately?

48. How would you approach a team member who is highly resistant to using Al tools?
What would you say? What would you not say?

49. Redesign a workflow you are familiar with to explicitly incorporate Al. Where would
Al work? Where would humans work? Where would the handoffs be?

26
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CHAPTER 8

The New Manager Skillset

What to learn, unlearn, and relearn for the Al era

Learning Objectives
50. Identify the capabilities that will grow in value for managers in the Al era.
51. Understand the skills that Al is beginning to commoditize.
52. Develop a personal learning strategy for the transition.

53. Articulate a vision of human-centered leadership in an Al-augmented world.

8.1 Skills That Al Commoditizes

A skill becomes commoditized when Al can perform it faster, cheaper, and at higher
volume than a human. This does not mean the skill loses all value — it means the value

shifts from execution to judgment about when and how to apply the skill.

Among the management skills Al is beginning to commoditize: producing routine reports,
summarizing meeting notes, drafting standard communications, searching for and
compiling information, scheduling and coordinating logistics, and generating basic data
analyses. These tasks will still need human oversight, but the hours they consume will

shrink dramatically.

8.2 Skills That Al Elevates

The flip side of commoditization is elevation — the skills that become more valuable
precisely because Al absorbs the routine work around them. The new manager skillset is

built around four elevation areas:

« Al Literacy: understanding what Al can and cannot do, how to prompt effectively,
how to evaluate Al outputs, and how to identify appropriate Al use cases.

+ Systems Thinking: as organizations become more complex networks of human
and Al actors, the ability to see systems holistically — to understand second-order
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effects, feedback loops, and unintended consequences — becomes a core
leadership competency.

* Human-Centered Leadership: the skills that constitute the 'human premium' —
empathy, coaching, conflict navigation, ethical reasoning, and inspiration —
become increasingly differentiating.

* Continuous Learning: the half-life of specific Al tool knowledge is short. The meta-
skill of rapid, self-directed learning becomes a foundational competency for anyone
leading in this environment.

8.3 A Framework for Personal Development
The following framework offers a structured approach to developing the new management

skillset:

54. Audit your current role: for each significant activity you perform, assess whether Al
can or will soon be able to perform it. This creates an honest picture of where your
value is at risk and where it is secure.

55. Build foundational Al literacy: you do not need to code, but you need to understand
the concepts, capabilities, and limitations covered in Part | of this book. Most
importantly, you need to use Al tools yourself — not just know about them in theory.

56. Invest in uniquely human capabilities: identify two or three areas of the 'human
premium' — coaching, strategic communication, ethical reasoning, stakeholder
management — and deliberately develop them.

57. Create a learning practice: set aside time each week to experiment with new Al
tools, read about Al developments in your industry, and share what you learn with
your team.
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Chapter 8 — Discussion Questions

58. Complete the personal audit described in 8.3. Which activities in your current or
most recent role are at highest risk of Al commoditization? Which are most secure?

59. What does 'Al literacy' mean for a non-technical manager? Where is the line
between needing to understand Al and needing to build it?

60. Identify one person you know who exemplifies the 'new manager sKkillset.' What do
they do differently from traditional managers?
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PART I

Transforming Organizational Functions
Part Ill moves from the individual manager to the organization, examining how Al is
transforming the major functional areas of business. Each chapter focuses on a specific
domain — HR, Operations, Marketing, and Finance — exploring practical applications,

emerging challenges, and strategic implications.
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CHAPTER9

Al in Human Resources and Talent

Management
Reimagining the full talent lifecycle with Al

Learning Objectives
61. Identify specific Al applications across the talent lifecycle.
62. Understand the risks of bias in Al-assisted HR processes.
63. Evaluate the ethical dimensions of Al in performance management.

64. Design an Al-augmented talent strategy.

9.1 The Talent Lifecycle and Al's Entry Points

Human Resources manages the full lifecycle of employee experience: attracting talent,
selecting candidates, onboarding, developing, evaluating, rewarding, and eventually
separating. Al has found entry points at each stage, with implications that are

simultaneously promising and concerning.

9.2 Talent Acquisition

Al tools have transformed talent acquisition in several ways. Applicant tracking systems
use Al to screen resumes, scoring candidates against job requirements and historical
hiring patterns. Chatbots conduct initial candidate screenings, asking qualifying questions
and scheduling interviews. Predictive models attempt to forecast candidate success

based on profile characteristics.

The efficiency gains are real — organizations with thousands of applicants can
meaningfully reduce screening time. But the risks are equally real. In 2018, Amazon
scrapped an Al recruiting tool after discovering it systematically downgraded resumes
from women, having learned from historical hiring data that reflected male-dominated
technical roles. The lesson: Al trained on biased historical data will reproduce and scale

that bias. Rigorous auditing is not optional.
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9.3 Performance Management

Al is transforming performance management from an annual ritual to a continuous, data-
rich process. Productivity analytics platforms monitor output metrics in real time. Natural
language processing analyzes the sentiment of communications and flags potential
engagement issues. Predictive models identify employees at high risk of departure before

they submit a resignation letter.

This capability raises difficult questions. When does monitoring become surveillance?
Who owns employee performance data? Can a numerical score ever capture the full
complexity of a person's contribution? These are not technology questions — they are

ethics and culture questions that HR leaders and managers must grapple with.

9.4 Learning and Development

Perhaps the most promising application of Al in HR is personalized learning. Traditional
L&D programs offer the same curriculum to everyone, regardless of their current
knowledge, learning style, or career goals. Al-powered learning platforms can assess
each employee's gaps, recommend relevant content, adapt difficulty based on

performance, and track progress toward specific competency goals.

Al in HR: Opportunity and Risk Summary

HIGHEST VALUE APPLICATIONS:

* Personalized learning and development at scale

* Retention risk prediction and proactive intervention

« Skills gap analysis across the organization

* Streamlining administrative HR processes

HIGHEST RISK APPLICATIONS:

* Automated candidate screening without bias auditing

 Continuous productivity surveillance without employee consent

* Al-generated performance ratings without human review

* Using Al outputs as sole basis for promotion/compensation decisions
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Chapter 9 — Discussion Questions

65. Your HR team wants to implement an Al screening tool to handle your 5,000
annual applications. What questions would you ask before approving this, and
what safeguards would you require?

66. Where is the line between helpful people analytics and invasive employee
surveillance? How would you establish and communicate that line?

67.1f Al can predict employee turnover with 80% accuracy three months before
resignation, what should managers do with that information? What should they not
do?
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CHAPTER 10

Al in Operations and Supply Chain

Building faster, more resilient, and more intelligent operational systems

Learning Objectives
68. Identify key Al applications in supply chain, logistics, and operations.
69. Understand how Al improves operational forecasting and planning.
70. Analyze the tradeoffs between efficiency optimization and resilience.

71. Apply operational Al frameworks to a real-world case.

10.1 Operations as an Information Problem

At its core, operations management is an information problem: where are goods, when
will they arrive, what is demand, where are the bottlenecks, which machines need
maintenance, and how should limited resources be allocated? Al is extraordinarily well-
suited to information problems that involve large datasets, complex patterns, and the

need for rapid, continuous optimization.

10.2 Demand Forecasting

Demand forecasting — predicting how much of what to make or stock, where, and when
— has historically been one of operations' most difficult challenges. Traditional statistical
methods were limited in their ability to incorporate external signals: weather patterns,

social media trends, economic indicators, competitor promotions.

Modern Al forecasting systems can integrate dozens of data streams, identify non-linear
patterns, update predictions continuously, and generate forecasts at granular levels (by
SKU, region, channel) that were previously impractical. Organizations using Al

forecasting typically report significant reductions in both stockouts and excess inventory.
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10.3 Predictive Maintenance

Unplanned equipment failure is one of the most costly operational events in
manufacturing, utilities, aviation, and logistics. Predictive maintenance systems use
sensor data — vibration, temperature, sound, pressure — to identify patterns that precede
failure and schedule maintenance before breakdown occurs. The economic case is
compelling: preventing one major failure often justifies years of investment in the

predictive system.

10.4 Supply Chain Resilience

The COVID-19 pandemic exposed the fragility of highly optimized but brittle supply
chains. The lesson for operations managers is that efficiency optimization and resilience
are sometimes in tension — and Al can help managers navigate that tension more

intelligently.

Al supply chain platforms can model vulnerability to disruption, simulate the impact of
various risk scenarios, identify single points of failure, recommend supplier diversification,
and optimize the tradeoff between inventory cost and supply security. Increasingly, they
can also monitor global signals — geopolitical events, weather forecasts, port congestion

— and trigger adaptive responses.

Chapter 10 — Discussion Questions

72.Your organization's Al forecasting system recommends reducing safety stock by
30%, citing its high prediction accuracy. What factors would you weigh before
approving this recommendation?

73. How might the introduction of Al-driven efficiency tools affect the humans who work
in operations roles? What responsibilities does management have in this
transition?

74. Describe a supply chain disruption you are aware of (from news or personal

experience). How might Al have helped — and what are its limitations in managing
the kind of disruption you chose?
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PART IV

Strategy and Leadership in an Al-Driven World
Understanding Al and managing Al-augmented teams is necessary but not sufficient.
Leaders must also develop strategy in a world where Al changes competitive dynamics,
disrupts value chains, and accelerates the pace of change. Part IV provides the strategic

and organizational frameworks to lead effectively at this higher level.
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CHAPTER 13

Building an Al Strategy

A practical framework for developing organizational Al strategy at any scale

Learning Objectives
75. Understand what an Al strategy is and how it differs from a technology strategy.
76. Apply a framework for assessing Al readiness and opportunity.
77. Identify the organizational capabilities required for Al strategy execution.

78. Develop a phased Al strategy for a real or hypothetical organization.

13.1 Strategy Before Technology

The most common mistake in Al strategy is starting with technology. Organizations read
about a compelling Al application, deploy a tool, and then try to figure out how it fits their
business. This approach produces isolated Al experiments rather than strategic

capability.

Effective Al strategy starts with business problems and strategic goals. The question is
not 'what can we do with Al?' but 'what are the most important problems we face, and
where might Al be the best solution to those problems?' This seems obvious, yet it is

violated constantly in practice.

13.2 The Al Strategy Framework

A practical Al strategy has five components:

79. Strategic Alignment: Which of our most important business objectives could Al
directly advance? Focus on outcomes — growth, efficiency, quality, customer
experience — not on Al applications as ends in themselves.

80. Capability Assessment: What data do we have? What data do we need? What Al
talent and infrastructure do we currently possess? What can we build, what can
we buy, and what must we partner for?
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81. Portfolio Design: What mix of Al initiatives — quick wins, strategic bets, and long-
horizon research — best fits our risk tolerance and competitive situation? A
balanced portfolio is rarely all-or-nothing.

82. Governance and Risk: How will we ensure Al systems are accurate, fair, and
aligned with our values? Who is accountable for Al decisions? How do we handle
failure?

83. Talent and Culture: What organizational capabilities — data science, Al ethics,
change management, Al literacy across all levels — do we need to build? How do
we create a culture that embraces Al-augmented work?

13.3 The Build vs. Buy vs. Partner Decision

For most organizations, building Al from scratch is neither feasible nor necessary. The
real strategic decision is between purchasing commercial Al tools (fastest to deploy, least
differentiated), fine-tuning or customizing foundation models on proprietary data
(moderate complexity, potentially significant differentiation), or building proprietary Al

models (highest complexity, highest potential for distinctive capability).

The key strategic insight: proprietary data, not Al models themselves, is the primary
source of Al-based competitive advantage. Models are increasingly commoditized. The
organization that has unique, high-quality data about their customers, operations, or

domain has a defensible Al advantage.
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Al Strategy Quick Assessment

Ask these questions to evaluate your organization's Al strategy readiness:

DATA: Do you have clean, organized data assets that Al could learn from?

TALENT: Do you have data scientists, Al engineers, or access to them?

CULTURE: Are your people willing to change how they work alongside Al?

BUDGET: Can you sustain multi-year Al investment without immediate ROI?

LEADERSHIP: Does senior leadership understand Al well enough to sponsor it?

Score each 1-5. Total below 15 = build foundational capabilities first.

Total 15-20 = ready for strategic Al initiatives.

Total above 20 = positioned to pursue differentiated Al advantage.

Chapter 13 — Discussion Questions

84.Choose an organization you know well. Walk through the five-component Al
strategy framework. Where are the biggest gaps?

85. What is the argument for a mid-sized company to use commercial Al tools rather
than building proprietary models? What are the strategic risks of this approach?

86. How would you convince a skeptical board of directors to approve a significant Al
strategy investment that will not show ROI for 18-24 months?
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PART YV

Ethics, Responsibility, and the Human Side
The most technically sophisticated Al strategy is incomplete without an ethical
foundation. Part V addresses the hardest questions: how do we ensure Al is used fairly,
who is responsible when Al harms people, how do we navigate the future of work when
Al displaces jobs, and how do we build organizations that use Al in ways we can be

proud of?
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CHAPTER 17
Ethical Al in Business

Frameworks for ensuring Al systems are fair, accountable, and aligned with human
values

Learning Objectives
87. Identify the primary ethical risks of Al systems in business contexts.
88. Apply ethical frameworks to Al deployment decisions.
89. Understand the concepts of algorithmic bias, fairness, and accountability.

90. Develop a basic ethical Al review process for your organization.

17.1 Why Al Ethics Is a Management Responsibility

Al ethics is sometimes treated as a topic for philosophers, lawyers, or technical
researchers. But when an organization deploys an Al system that affects hiring decisions,
credit access, healthcare, criminal justice, or customer experience, the ethical

implications are immediate and operational — not theoretical.

The manager who deploys an Al system owns its consequences. This is not merely a
legal point — it is a moral one. The capacity for harm in Al systems is real, documented,
and often invisible until exposed. The manager's responsibility is to ask, before
deployment and continuously thereafter: who might be harmed by this system, and how

do we know if they are?
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17.2 The Core Ethical Risks

Algorithmic bias Hiring Al downranks qualified candidates
from underrepresented groups

Opacity/Black box Credit denial by Al system that cannot
explain its reasoning

Privacy violation Customer behavior data used for Al training
without consent

Automation bias Managers override their judgment in favor of
Al recommendations

Feedback loops Predictive policing Al targets neighborhoods
already over-policed

Displacement without support Al takes over jobs faster than workers can be
retrained

17.3 Principles of Ethical Al Deployment

Multiple frameworks for ethical Al have been published by academic institutions,

governments, and technology companies. While they vary in terminology, they converge

on core principles:

Fairness: Al systems should not produce disparate harm across demographic
groups. Fairness must be defined concretely for each use case — there are
multiple mathematical definitions of fairness that can conflict with each other.

Accountability: A named human or organization must be responsible for the Al
system's behavior and its consequences.

Transparency: The basis for Al decisions should be explainable to those affected,
to the degree technically feasible.

Privacy: Data used to train and operate Al should be collected and used with
appropriate consent and protections.

Human oversight: High-stakes Al decisions should include meaningful human
review, not rubber-stamp approval.

17.4 Implementing Ethical Al: Practical Steps
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91. Pre-deployment audit: Before deploying any Al system affecting people, conduct
a structured review of training data quality, potential bias, and the population of
people the system will affect.

92. Ongoing monitoring: Al systems drift over time as the world changes. Performance
and fairness metrics should be monitored continuously, not just at launch.

93. Appeals process: Anyone adversely affected by an Al decision should have a clear
process for human review.

94. Incident reporting: Create a culture where employees can report ethical concerns
about Al systems without fear of retaliation.

Chapter 17 — Discussion Questions

95. A bank's Al loan approval system has a 15% lower approval rate for applicants
from a specific postal code, which correlates with a historically redlined
neighborhood. The model performs well on accuracy overall. What do you do?

96. How would you explain the concept of algorithmic bias to a senior executive who
believes that Al is objective because 'it just looks at the data'?

97. Should companies be required to disclose when an Al system has made a
significant decision affecting a customer or employee? What are the arguments for
and against?
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CHAPTER 18

The Future of Work

Navigating job transformation, displacement, and the creation of new roles

Learning Objectives
98. Evaluate different scenarios for Al's impact on employment.
99. Distinguish between job displacement and task displacement.
100. Understand organizational and policy responses to workforce disruption.

101.Develop a framework for responsible workforce transition.

18.1 The Central Debate

Few questions generate more anxiety about Al than its impact on jobs. The range of
expert predictions is wide: from 'Al will create more jobs than it destroys' (citing historical
precedent with earlier automation) to 'this time is different because Al can do cognitive

work, and there is no comparable new sector to absorb displaced workers.'

The honest answer is that we do not know. The evidence to date is mixed, the timeline is
uncertain, and the distribution of impact across industries, roles, and demographics is
uneven. What we can do is think clearly about the mechanisms, the analogies, and the

managerial responsibilities.

18.2 Task Displacement vs. Job Displacement
A useful distinction is between task displacement — Al taking over specific tasks within a
job — and job displacement — Al eliminating a role entirely. The former is already

widespread. The latter is less common but growing.

Most jobs contain a mix of tasks with different susceptibility to Al. A radiologist's job
includes analyzing images (high Al susceptibility), communicating with patients (lower
susceptibility), collaborating with surgical teams (lower), and navigating complex
diagnostic ambiguity (lower still). Al excels atimage analysis — potentially reading scans

faster and more accurately than humans. But this changes the radiologist's role rather
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than eliminating it: more time for complex cases, patient communication, and the

judgment calls that Al cannot make.

18.3 The Manager's Responsibility in Workforce Transition
Organizations that deploy Al without considering its workforce implications — or that
consider workforce implications only in terms of headcount reduction — are taking on

significant reputational, legal, and ethical risk, and missing a strategic opportunity.

The strategic opportunity is workforce transformation: using Al's productivity gains to
move employees toward higher-value work rather than simply reducing headcount. This
requires investment in retraining, honest communication, and a longer planning horizon

than quarterly earnings pressure typically demands.

1. ANTICIPATE EARLY — identify which roles will be significantly affected 2-3 years out.

2. COMMUNICATE HONESTLY — ambiguity about job security is more damaging than hard
truths.

3. INVEST IN RETRAINING — employees displaced by Al deserve genuine upskilling
support,

not token online courses.
4. EXPLORE REDESIGN FIRST — before eliminating roles, explore whether they can be

redesigned around higher-value human work.

5. SHARE THE GAINS — if Al creates significant value, consider how workers who
contributed

to that value (and bear transition costs) can share in it.
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Chapter 18 — Discussion Questions

100. Your finance team of 12 accountants could be reduced to 4 with Al handling
routine analysis and reporting. The cost savings are significant. How do you think
through this decision, and what factors beyond cost savings should be weighed?

101. A common counterargument to Al job displacement concerns is that 'history
shows technology always creates new jobs.' Evaluate this argument. In what ways
is it compelling? In what ways might it be insufficient for the current transition?

102. What responsibilities does government have in the Al workforce transition?
What should be left to organizations? What should be left to individuals?
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PART VI

The Future — Leading Tomorrow's Organization
Part VI looks ahead. What does an Al-native organization look like? What technologies
are coming that managers need to begin thinking about now? How does a manager
continue to grow when the landscape changes faster than traditional education can track?
And what is the enduring vision of human-centered management in a world where Al is

omnipresent?
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CHAPTER 24

A Vision for Human-Centered Al
Management

People first, always — the enduring principle for leading in the Al era

Learning Objectives
102. Articulate a coherent personal philosophy of management in the Al era.

103. Understand why human-centered management becomes more important
as Al grows more capable.

104. Identify the enduring human values that should guide Al-augmented
organizations.

105. Commit to a personal development path for continuous growth as an Al-era
leader.

24.1 The Temptation of Efficiency

Al is extraordinarily good at optimization. Given a clear objective and a dataset, modern
Al can find efficiencies, eliminate redundancies, and maximize outputs in ways that
human planners cannot match. This capability creates a temptation: to treat organizations
as optimization problems, measuring and managing every variable, routing every decision

through an Al model.

This temptation must be resisted — not because optimization is bad, but because
organizations are not merely optimization problems. They are communities of people
pursuing shared purposes. The metrics that matter most in these communities — trust,
dignity, meaning, growth, belonging — are precisely the things that Al cannot measure or

produce.

24.2 What Humans Bring That Al Cannot

Across this textbook we have returned repeatedly to the question of what is distinctively

human in management. Let us name it clearly in this final chapter:
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* Moral agency: the capacity to take genuine responsibility for decisions and their
consequences — not because a system assigned accountability, but because one
chooses to own it.

* Authentic relationship: connection between people that is valuable in itself, not
merely as a means to productivity. Teams that trust each other perform better, but
the trust is not merely instrumental — it matters as an end in itself.

* Purposeful meaning-making: the ability to help people understand why their work
matters, how it connects to something larger, and how it contributes to their own
growth.

» Ethical creativity: the capacity to navigate genuinely new moral terrain — situations
where the right answer is not in the training data, where values conflict, where
unprecedented choices demand unprecedented judgment.

24.3 The Human-Centered Al Organization
A human-centered Al organization is not one that uses less Al — it is one that uses Al in
service of human flourishing rather than treating human flourishing as a constraint on Al

optimization. The distinction is subtle but fundamental.

In a human-centered Al organization: people are treated as ends, not means. Al is
deployed to remove drudgery and amplify creativity, not to surveil and control. The
productivity gains from Al are shared broadly, not concentrated narrowly. Leaders are
judged by the quality of the human environment they create, not just the metrics their Al

systems optimize.

24.4 A Letter to the Future Manager

You are entering management at a moment of genuine historical significance. The
choices made by your generation of leaders — about how Al is deployed, who benefits
from its productivity, what human values are non-negotiable regardless of Al capability —

will shape organizations and societies for decades.

The technical aspects of Al will continue to change rapidly. The human aspects of

leadership will not. The empathy, courage, integrity, and vision that define the greatest
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leaders in every era will define you too. Al will be your most powerful tool. But you remain

the leader.

Use these tools wisely. Ask hard questions. Hold the line on the values that matter. Put
people first — not sentimentally, but strategically, because organizations of people
pursuing meaningful purposes together are, in the end, the only kind of organization worth

building.

The era of artificial intelligence is also an era of extraordinary human potential. Reimagine
management not as a response to Al, but as a deepening of what leadership has always
been at its best: helping people grow, creating conditions for collective achievement, and

taking responsibility for the world you help create.

Reimagining Management in the Era of Artificial Intelligence
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